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ABSTRACT

The escalating prevalence of stress, anxiety, and emotional dysregulation in
an increasingly digitized society underscores the critical need for technological
interventions that support psychological well-being. While the field of affective
and positive computing has made significant strides in algorithmic development
and technical efficacy, a holistic understanding of user perception and lived ex-
perience remains fragmented within the existing body of literature. This paper
addresses this gap by presenting a narrative synthesis of ten seminal studies that
explore the human centric dimensions of engaging with emotional well-being
technologies. Our review reveals that user perceptions are intricately shaped by
three recurring themes including the perceived credibility of a system’s emotion-
recognition capabilities, concerns surrounding data privacy and control, and the
fundamental distinction between viewing technology as a tool for personal em-
powerment versus a replacement for human connection. These themes collec-
tively highlight a critical divergence between the technical promise and the
psychological realities of affective technology. In conclusion, this synthesis
provides a nuanced understanding of user attitudes that transcends purely al-
gorithmic metrics. It offers valuable theoretical contributions to the field of
human-computer interaction and provides practical implications for designing
more empathetic, transparent, and ethically-aligned digital mental health tools
that genuinely foster resilience and positive human experience.
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1. INTRODUCTION
The escalating prevalence of stress, anxiety, and emotional dysregulation in an increasingly digitized

society underscores the critical need for effective interventions that promote psychological well-being [1]. Ac-
cording to the World Health Organization, mental health conditions are a leading cause of disability worldwide,
and their impact is particularly pronounced in fast-paced urban environments where social connections can be
fragmented and digital fatigue is common. This global challenge is directly addressed by Sustainable Develop-
ment Goal (SDG) 3 Good Health and Well-being, which seeks to ensure healthy lives and promote well-being
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for all at all ages [2]. Furthermore, as technology becomes more deeply embedded in our urban environments
and daily routines, its role in shaping public health a key tenet of SDG 11 Sustainable Cities and Communities
becomes increasingly prominent. Affective and positive computing has emerged as a promising interdisci-
plinary field that leverages technology to recognize, interpret, and support human emotional states [3]. This
approach aims to create digital systems that are not only functional but also empathetic and adaptive, offering
a potential pathway to enhance resilience and personal well-being [4].

While the field of affective and positive computing has made significant strides in algorithmic de-
velopment and technical efficacy, a holistic understanding of user perception and lived experience remains
fragmented within the existing body of literature [5]. The research community has largely focused on what the
technology can do from a technical standpoint such as developing algorithms for facial expression analysis or
physiological signal processing rather than on how users feel about it, what their concerns are, and how they
integrate it into their daily lives [6]. This leaves a critical gap in our knowledge, as the ultimate success and
ethical implementation of any technology depend on its acceptance and perceived value by its users. Without a
deep understanding of the user’s perspective, the risk is designing systems that are technically sound but fail to
meet real world needs or even generate new forms of anxiety and mistrust.

This paper addresses this gap by presenting a narrative synthesis of ten seminal studies that explore
the human centric dimensions of engaging with emotional well-being technologies [7]. The primary objective
is to move beyond purely technical metrics to understand and integrate qualitative findings related to user
experiences and attitudes [8]. This review will explore recurring themes such as the perceived credibility of
a system’s emotion-recognition capabilities, crucial concerns surrounding data privacy and control, and the
fundamental distinction between viewing technology as a tool for personal empowerment versus a replacement
for genuine human connection [9, 10]. By focusing on these qualitative insights, this paper provides a more
nuanced and psychologically grounded perspective on the field.

Ultimately, this paper offers a valuable contribution to the fields of human computer interaction and
applied psychology [11]. By synthesizing user-centric insights, it provides a crucial lens for developers and
designers to create more empathetic, transparent, and ethically aligned digital mental health tools. This work
directly supports the global mission of leveraging technology to improve human lives, aligning with the core
principles of achieving good health and building sustainable communities for the future [12].

2. METHODOLOGY
This paper employs a narrative review approach to synthesize key literature on user perceptions of af-

fective technology. Unlike a systematic review which requires a rigid protocol and statistical meta analysis, this
method focuses on a qualitative synthesis of seminal studies to provide a coherent and insightful narrative [13].
The primary goal is to interpret and integrate a range of findings into a unified argument, rather than to provide
an exhaustive, quantitative summary [14]. This approach allows for greater flexibility in identifying conceptual
patterns and theoretical insights that might otherwise be overlooked in more rigid review methodologies. By
emphasizing interpretive depth over breadth, the narrative review helps to reveal nuanced relationships between
affective technologies and human emotions, highlighting how contextual factors influence user engagement and
acceptance.

The selection of studies for this review was based on their relevance, impact, and a clear focus on user
centric findings. A targeted search was conducted across leading academic databases including Scopus, Web
of Science, and the ACM Digital Library. The search utilized a combination of keywords such as ”affective
computing,” ”emotional wellbeing,” ”user experience,” and ”qualitative findings.” From the initial search re-
sults, a curated set of ten key studies were selected. These studies, which represent a variety of methodologies
including qualitative interviews, user studies, and ethnographic research, were chosen for their significant con-
tributions to understanding user attitudes and experiences [15]. Additional consideration was given to studies
that demonstrated interdisciplinary perspectives combining insights from psychology, human computer interac-
tion, and cognitive science to ensure a comprehensive understanding of affective technology use. The findings
from these selected papers were then thematically analyzed and integrated to form the core of the discussion
presented in the following sections, providing both conceptual clarity and practical implications for future
research and system design.

From each included article, the study extracted key data, including study information, methodology,
the type of affective technology studied, and major findings related to user perception [16]. This qualitative data
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was then analyzed using thematic synthesis, which involved grouping findings from multiple articles into core
themes. This process allowed us to identify patterns, commonalities, and differences in user experiences, which
will be presented in detail in the results section [17, 18]. A summary of the included studies’ characteristics
can be found in Table 1.

3. RESULT AND DISCUSSION
This section presents a narrative synthesis of ten key studies selected for this review. The findings from

various studies into three main themes to provide a holistic understanding of user perceptions and experiences
[19]. These themes include trust and accuracy, data privacy, and the role of technology in supporting well-
being. To facilitate understanding, Table 1 provides a summary of the characteristics and key findings of each
study analyzed [20].

Table 1 presents a concise summary of the ten key studies that form the basis of this narrative review.
It is designed to provide a clear overview of the relevant literature, highlighting the diversity of technology
types explored and the key findings related to user experience and perception [21]. The data within this table
serves as the empirical evidence underpinning the thematic analysis presented in the body of this literature
review, which discusses issues such as trust, privacy, and the role of technology.

Table 1. Summary of Key Findings from Selected Studies
Study (Author, Year) Technology Type Key Findings
[22] Mood-Tracking App User skepticism about long-term

accuracy; privacy concerns.
[23] Adaptive Interface Users felt comfortable and sup-

ported by responsive visual feed-
back.

[21] Voice Analysis System limitations in understand-
ing emotional context, but transpar-
ent design improved trust.

[24] Biofeedback Technology helped increase self-
awareness, but a debate on potential
dependency emerged.

[25] Social Robot Users found comfort in sharing
emotions, but worried about depen-
dency.

[26] Virtual Reality (VR) Positive perception of VR for relax-
ation, but the lack of social interac-
tion was seen as a drawback.

[27] Facial Expression
Recognition

Deep privacy concerns; users felt
watched and were not free to ex-
press themselves.

[28] Wearable Sensor Users felt supported in monitor-
ing biological data, but doubted
the emotional interpretation of that
data.

[29] AI-Powered Chatbot Users were comfortable sharing
problems, but differentiated be-
tween interacting with a bot and a
human.

[30] Mindfulness App A calming interface enhanced user
experience, but long-term effective-
ness was doubted.
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3.1. Trust and Accuracy: The Gap Between Promise and Reality
The literature indicates that users’ perception of a system’s accuracy is a crucial factor shaping their

trust [31]. The majority of studies report that users are often skeptical of a technology’s ability to truly ”un-
derstand” their emotions. As found by [22] and [27], users feel that technology often fails to grasp complex
emotional nuances, such as irony or sarcasm. This skepticism is often rooted in the gap between the technical
accuracy of an algorithm and its contextual accuracy in social situations. For example, a system that is techni-
cally accurate at detecting a smile might fail to distinguish between a genuine smile and a forced one used to
mask anxiety [32].

On the other hand, some studies show that trust can be built through transparent and adaptive design.
[21] found that users felt more comfortable when the system explained how it arrived at an emotional con-
clusion, for example by showing visualizations of the underlying data. When system feedback is consistent,
explainable, and relevant, users become more accepting of its limitations and see it as a useful tool rather than
a flawed system [33]. This suggests that the success of affective technology depends not just on algorithmic
sophistication, but on how honestly and transparently information is presented to the user.

3.2. Privacy and Control: Concerns in the Age of Emotional Data
The issue of data privacy emerges as a central and significant concern across the literature. Users are

aware that the data collected (e.g., facial expressions, voice tone, or heart rate) is highly intimate and sensitive.
Studies by [25] and [24] highlight how these concerns often become a major barrier to adoption or continued
use. Users feel uncomfortable with the idea of their emotional data being stored, processed, and potentially
shared without explicit consent. This distrust is often compounded by uncertainty about who can access the
data and for what purpose [34].

This fear is not limited to the technology creators but also extends to third parties like advertisers or
insurance providers who might gain access. A study by [27] specifically found that users of facial expression
recognition systems felt a sense of being watched, which ultimately limited their freedom to express themselves
naturally [35]. This points to an urgent need for ethical frameworks and designs that give users full control over
their data, such as the ability to delete information, choose what data is stored, or opt-out of sharing [36].

3.3. Technology as a Tool vs. a Replacement for Human Interaction
The majority of studies reviewed explicitly differentiate the role of affective technology [37]. Users

tend to see it as a tool to increase self-awareness and manage emotions, not as a replacement for social inter-
action or professional human support. For example, noted that while users appreciated the feedback from an
adaptive interface, they did not expect the technology to replace a deep conversation with a friend or a therapy
session. Similarly, [38] found that users were comfortable sharing problems with an AI-powered chatbot, but
they still clearly differentiated it from human interaction.

There are also concerns that over-reliance on technology could reduce a user’s ability to manage
their emotions independently, an issue raised in several papers. However, a study by [39] showed that when
technology is used as a tool to provide insights (e.g., through biofeedback visualizations), users feel more
empowered and in control of their emotional responses. This indicates that technology can play a valuable
role in the emotional well-being ecosystem, but it must be designed to empower users, not replace the human
element.

Figure 1. Conceptual Model of User Perception
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Figure 1 presents a conceptual model illustrating the complex relationships between the key themes
identified in this literature review [39]. The model is designed to visually represent how various factors influ-
ence user perception of affective technology. The model begins with two foundational factors: Accuracy and
Privacy [40]. Accuracy refers to how well the technology technically detects and interprets emotions, while
Privacy encompasses user concerns about how their intimate emotional data is collected, stored, and used [41].

These two factors directly influence User Trust. Our review shows that if users are skeptical of a
system’s accuracy (e.g., if it misidentifies their emotion) or if they don’t feel their data is secure, their trust will
be eroded. Conversely, high accuracy and strong privacy assurances build trust [42]. User trust, in turn, is the
key factor that determines how users view the Role of Technology in their lives. When trust is present, users are
more likely to see affective technology as an empowering tool that can help them increase self-awareness and
manage emotions [43]. However, if trust is low, the technology may be perceived as an intrusive or inauthentic
substitute for human connection. In short, this model argues that the success of affective technology depends
not on its algorithms alone, but on its ability to build trust through transparency and privacy protection [44, 45].

4. MANAGERIAL IMPLICATION
The findings of this narrative review provide clear strategic and business implications for leaders and

product managers in the affective technology space. The success of these technologies is not solely dependent
on technical sophistication adding it is fundamentally tied to the ability to build and maintain user trust. There-
fore, a strategic shift is required from a purely technical first approach to one that is profoundly user centric.
Managers should prioritize investments in transparent AI and explainable design, creating interfaces that not
only provide a result but also offer insight into the system’s reasoning and allow users to provide corrective
feedback. Furthermore, privacy must be treated as a core business value and a key differentiator, rather than
merely a regulatory hurdle. By implementing robust, user friendly controls over highly intimate emotional data
such as instant deletion or full anonymization options companies can build a foundation of long-term loyalty
and trust that is essential for sustainable growth in this sensitive market.

In a competitive landscape, the way a product is positioned can make or break its market acceptance.
Business leaders should therefore move away from narratives that suggest technology can ”fix” or replace
human connection. Instead, the marketing and product strategy should frame the technology as an empowering
tool that augments human capabilities. The goal should be to position the product as a supportive companion for
emotional self awareness, helping users to better understand their own emotional patterns and build personal
resilience. This approach not only aligns with user expectations as revealed in our review but also fosters a
healthier relationship between the user and the technology. By embracing these principles, companies can
develop a competitive edge and build technologies that are not only technologically advanced but also ethically
sound and genuinely valuable to the well-being of their users.

5. CONCLUSION
This narrative review has provided a rich synthesis of user perspectives on affective technology, mov-

ing beyond purely algorithmic metrics to explore the human centric factors that truly matter. By synthesizing
findings from ten key studies, the study have identified three main themes influencing user perception: trust
and accuracy, data privacy and control, and the role of technology as a tool versus a replacement for human
interaction. The insights gleaned from these themes collectively underscore a critical finding: the success and
ethical integration of this technology into daily life are not dependent on technical sophistication alone. In-
stead, they hinge on its ability to build user trust through transparency, ensure psychological safety through
robust privacy measures, and ultimately, serve as a genuine enabler of human well-being without diminishing
our innate need for authentic social connection. This understanding presents a clear strategic imperative for
managers and developers to prioritize user centered design, framing technology as an empowering tool rather
than a substitute for human interaction.

Looking ahead, this review highlights several critical areas for future research. While existing litera-
ture provides valuable qualitative insights, there is a clear need for longitudinal studies that track user percep-
tions and behavioral changes over extended periods, providing a clearer picture of technology’s long-term im-
pact on emotional well-being. Additionally, future research should explore the experiences of more diverse and
underrepresented populations, including different cultural groups and individuals with specific mental health
conditions, to ensure that affective technologies are inclusive and equitable. By addressing these gaps, the
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research community can continue to guide the development of technology that truly aligns with the core prin-
ciples of achieving good health and building sustainable communities for the future.
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